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ABSTRACT 
The current dissertation explores how inter-team collaboration affects team-level outcomes, 
specifically team knowledge creation and group averaged turnover intention. Using a sample of 
398 individuals in 55 teams from two multidisciplinary research institutes in a large public 
university, the current study suggests that the level of inter-team collaboration has a dual effect 
on team outcomes, such that it has a positive association with team-level knowledge creation as 
well as increasing turnover intention. Also, I argue that the level of interdisciplinarity as a 
contextual factor that affects the relationship between team collaboration and both knowledge 
creation and turnover intention, such that, as the level of interdisciplinarity increases, the positive 
impact of inter-team collaboration on knowledge creation/turnover intention will be strengthened. 
Finally, I suggest two mediators (i.e., innovation climate and job interdependence) to investigate 
the black box of the relationship between inter-team collaboration and team outcomes.  
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CHAPTER 1 
INTRODUCTION 
Over the past two decades, a widespread and enduring interest in collaboration has been 
observed. Particularly in the management literature, the value of collaborations that furnish 
access to network resources beyond organizational boundaries has been the focus of many 
researchers (e.g. Gulati, 1999; Lavie, 2006; Lavie & Drori, 2012). Collaboration among 
organizations facilitates team innovation, knowledge creation, and overall performance (e.g., 
Anand & Khanna, 2000; Gulati, 1999; Powell, 1990; Powell, Koput, & Smith–Doerr, 1996). 
Besides the role of inter-firm collaborations, collaborations between and among teams (inter-
team collaboration), such as collaboration in research and development (R & D) teams, scientific 
research teams in universities, commissions in charge of addressing public policy issues, and in 
software development teams have received growing attention from various academic areas, such 
as medicine, engineering, and public policy.  
In practice, a study by Jassawalla and Sashittal (2003) reported that a number of leading 
global organizations that heavily invest in R & D recognize the importance of team collaboration 
and consider a high level of collaboration among teams as one of the fundamental elements that 
fosters team effectiveness and knowledge creation. For example, many firms have integrated 
cross-functional teams or encouraged collaboration among teams to improve the new product 
development process (Souder, 1977, 1981; Souder & Moenaert, 1992; St. John & Ruc, 1991) and 
realize the outcome that would exceed the sum of the individual capabilities of each party 
(Jassawalla & Sashittal, 2003).  Further, academic institutions promote greater research 
collaborations across disciplines by establishing “interdisciplined” or “multi-disciplined” 
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research institutions and incentive systems. Multi-disciplined collaborations are especially 
critical in research institutions because “academic collaboration” and “performance” are essential 
in the creation of new knowledge that leads to peer-reviewed publications (Lavie & Drori, 2012; 
Stokols et al., 2008).  
Despite the academic and practical importance of collaboration among teams, several 
gaps in research on management exist. First, except for a few notable exceptions (e.g., Jassawalla 
& Sashittal, 2003; Lavie & Drori, 2012; St. John & Ruc, 1991), research on collaboration has 
been done either at the “macro” (i.e., inter-firm) or at the “micro” (i.e., intra-team) level. 
However, a gap exists at the “meso” level of inter-team collaborations. Specifically, only a few 
studies on inter-team collaboration have been conducted, and most of them follow a marketing 
and strategic or operations management perspective (e.g., Jassawalla & Sashittal, 2003; St. John 
& Ruc, 1991). Previous studies have focused on the effectiveness of operations management or 
marketing strategy and not on team performance, which is the focus of the present study. At the 
macro level, studies that adopted the firm as the unit of analysis investigate the value of inter-
firm collaborations, such as firm alliances (i.e., a “voluntary agreement between firms involving 
exchange, sharing, or co-development of products, technologies, or services”, Gulati, 1998, p. 
293) on firm performance or firm-level knowledge creation. In particular, researchers in the 
strategic alliance literature have examined the positive role of inter-firm collaboration on various 
firm level outcomes, such as knowledge sharing, trust, and effective governance (e.g., Dyer & 
Singh, 1998, Gulati, 1995, Kale, Singh, & Perlmutter, 2000). At the micro level, a vast amount 
of research focuses on intra-team collaboration among individual team members. Specifically, 
collaboration among team members is suggested to be related to team effectiveness, performance 
of individuals in the team, and individual/team creativity (Amabile, Patterson, Mueller, Wojcik, 
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Odomirok, Marsh, and Kramer, 2001; Hackman, 1991). Yet, especially in knowledge and 
science-driven industries (e.g., industrial chemicals, pharmaceuticals, and electronics industries) 
or for public and private research-oriented foundations (e.g., university research programs and 
research institutes), new knowledge often stems from inter-team collaborations rather than from 
organizational level alliances or collaboration among individual employees (McFadyen & 
Cannella, 2004). The same is true for science-driven industries, research-oriented organizations, 
and organizations in the current business environment that is characterized by high competition, 
rapid change of technology, and drastic diffusion of new technologies (Bettis & Hitt, 1995; 
D’Aveni, 1994). Inter-team collaboration that can potentially create new knowledge would serve 
as a competitive advantage for organizations and would allow them to survive in a rapidly 
changing environment. Therefore, investigating the effect of collaborations especially between 
different teams is critical. The present study focuses on two team-level outcomes, namely, 
knowledge creation and turnover intentions, which are critical for organizational success. 
Second, inter-team research in non-management disciplines and a notable few exceptions 
in the management literature emphasize the positive role of collaboration (e.g., Dyer & Singh, 
1998, Gulati, 1995, Kale, Singh, & Perlmutter, 2000; Lavie & Drori, 2012; Melin, 2000; 
Sonnenwald, 2007; Vanrijnsoever, Hessels, & Vandeberg, 2008) as well as its negative effects 
(e.g., Bruns, 2013; Cummings & Kiesler, 2007; Jeffrey, 2003; Kożuch, 2009; Wray, 2006). For 
example, the former set of studies suggested that inter-team collaboration enhances team 
productivity (Beaver, 2012), increases opportunities for team members to learn new skills 
(Heinze & Khulmann, 2008; Wagner, Brahmakulam, Jackson, Wong, & Yoda, 2001), and 
improves new product development processes (Souder, 1977, 1981; Souder & Moenaert, 1992; 
St. John & Ruc, 1991). The latter set of studies argues that collaboration cannot always be 
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identified with the accomplishment of common goals (Kożuch, 2009), which hinders the ability 
of teams to perform effectively (Wray, 2006). Moreover, collaboration may increase inter-team 
and interpersonal conflict, social fragmentation, sub-grouping, and non-overlapping plans 
(Stokols et al., 2008). These mixed findings have raised questions regarding the effects of inter-
team collaboration on team outcomes and alludes to potential boundary conditions under which 
the effects vary. Further, the success of inter-team collaboration can be affected by several 
contextual circumstances, such as inter/intra personal, societal, political, or organizational factors 
(Stokols et al., 2008). Therefore, the second purpose of the present study is to identify the 
contingencies of the relationship between inter-team collaboration and performance outcomes.   
The current study focuses on the role of interdisciplinarity as a boundary condition that 
either drives or offsets the effect of inter-team collaboration on team performance. Though team 
collaboration can occur in various levels of interdisciplinarity, prior research on team 
collaboration in the management literature has rarely distinguished between single-disciplined 
and inter- or multi-disciplined collaboration and not empirically examined the distinct role of 
these collaborations on team outcomes (e.g., Defazi, Lockett, & Wright, 2009; Landry, Traore, & 
Godin, 1996; Lavie & Drori, 2012; Lee & Bozeman, 2005). Interdisciplinarity can be defined as 
“bringing together distinctive components of two or more disciplines” (Nissani, 1997, p. 203). 
Thus, interdisciplined collaboration refers to the extent to which team collaboration occurs 
among teams with different disciplines, functional areas, or branches of knowledge. For example, 
collaborations can occur among scientific research teams in universities that have diverse 
disciplines such as Biology, Psychology, or Engineering. Similarly, collaborations can be formed 
among R & D teams in companies with multi-disciplinary areas, such as product design, product 
development, or product testing. Therefore, the level of interdisciplinarity in inter-team 
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collaboration can vary, such as collaboration within a single discipline in which collaborating 
teams have the same branch of knowledge, that is, low level of interdisciplinarity or 
collaboration among teams from multiple disciplines and that have various backgrounds and 
functions, that is, high level of interdisciplinarity. Moreover, the establishment of large-scale 
research agencies consisting of teams with diverse disciplinary perspectives (Kahn, 1993; 
Stokols, Misra, Moser, Hall, & Taylor, 2008; Wuchty, Jones, & Uzzi, 2007) and publication in 
various academic fields, such as medicine, engineering, and public policy, indicates growing 
interest and investment in interdisciplined inter-team collaboration. By distinguishing single-
disciplined collaboration and inter- or multi-disciplined collaboration and by specifically testing 
the contextual role of interdisciplinarity on the relationship between inter-team collaboration, 
knowledge creation, and turnover intention, the current study complements existing literature 
that has focused on the structure of team collaborations without alluding to the distinctive nature 
of these relationships. Indeed, studying the effect of collaborations that consider the 
contributions of more than a single disciplinary field is critical because “real-world problems do 
not come in disciplinary-shaped boxes” (Jeffrey, 2003, p. 539).  
Lastly, although prior research has investigated the benefits of inter-team collaboration 
on team outcomes (i.e., knowledge creation and turnover intention), no empirical study has, to 
our knowledge, tested the mechanism to facilitate the relationship between team collaboration 
and team performance. Establishing multi-disciplined collaborative team relationships is labor-
intensive, may be prone to inter-team or interpersonal conflicts, and requires additional 
procedures, practices, and resources (Stokols et al., 2008; Younglove–Webb, Thurow, Abdalla, 
& Gray, 1999). Therefore, determining the process of team collaboration that is associated with 
positive (i.e. knowledge creation) and negative (i.e., turnover intention) outcomes is critical. In 
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other words, there is a need and importance to better understand the black box that exists 
between team collaboration and team performance. Hence, the last goal of the current paper is to 
address this mechanism by suggesting two conceptually distinct mediators of this relationship: 
innovative climate and work interdependence. 
The current study’s contributions to the collaboration literature are threefold. First, by 
adopting ‘team’ as a unit of analysis, the current study provides evidence on the role of inter-
team collaboration on team-level outcomes, specifically team knowledge creation and group 
averaged turnover intention; Second, the paper sheds light on the interdisciplined team 
collaboration literature by testing the level of interdisciplinarity as a contextual factor that affects 
the relationship between team collaboration and both knowledge creation and turnover intention; 
and, third,  by suggesting two mediators of these relationships, I explore the black box of the 
relationship between team collaboration and team knowledge creation and turnover intention. 
Figure 1 depicts research model of the current paper. 
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FIGURE 1.  Research Model 
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Plan of Study  
This dissertation investigates the direct effect of inter-team collaboration, as well as its 
interaction effect with interdisciplinarity on teams’ outcomes (i.e., knowledge creation and group 
averaged turnover intention) in a U.S. university research team context. In addition, I study the 
mediating role of innovative climate and work interdependence on the relationship between 
inter-team collaboration and team performance.  Chapter 2 provides a review of the literature 
relevant to this dissertation study.  It also develops the theoretical framework to be tested and 
introduces the hypotheses.  Chapter 3 presents the research sample, data collection, measures, 
and analysis techniques.  The results of the data analysis will be presented in Chapter 4.  Finally, 
Chapter 5 will discuss important findings from the study, theoretical and managerial implications, 
limitations of the present study, and recommendations for future research.      
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CHAPTER 2 
THEORETICAL BACKGROUND AND HYPOTHESES 
For more than a decade, researchers have attempted to define collaboration across 
multiple levels. Many scholars (e.g., Amabile et al., 2001; Bartunek & Louis, 1996; Galegher & 
Kraut, 1990; Jassawalla & Sashittal, 1998; Hardy, Phillips, & Lawrence, 2003) have echoed the 
basic elements of its definition. For example, Hardy et al. (2003) defined organizational 
collaboration as “a cooperative, inter-organizational relationship that is negotiated in an ongoing 
communicative process and that relies on neither market nor hierarchical mechanisms of control” 
(p. 323). Jassawalla and Sashittal (1998) described collaboration as “the coming together of 
diverse interests and people to achieve a common purpose via interactions, information sharing, 
and coordination of activities” (p. 239). Amabile et al. (2001, p. 419) had a similar understanding 
of collaboration as “individuals who differ in notable ways of sharing information and working 
toward a particular purpose”. Based on these definitions, the present study refers to inter-team 
collaboration as the cooperative relationship between teams with diverse functions, which is 
formed to achieve a common goal through various social interaction processes such as 
coordination, communication, and negotiation.   
Researchers have also attempted to build a theoretical framework for collaboration. For 
example, Amabile et al. (2001) provided three characteristics of success factors in collaboration, 
particularly in the form of cross-profession (i.e., academic–practitioner) collaboration. 
Specifically, the three elements of collaboration are collaborative team characteristics, 
collaboration environment characteristics, and collaboration processes. First, collaborative teams 
must have skills that are highly relevant to projects and collaborations that they are involved in, 
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as well as positive attitudes and motivation toward the collaboration (Amabile et al., 2001). 
These collaborative team characteristics are supported by collaboration environment, under 
which individual team members and teams are encouraged to engage more in collaborations. 
Lastly, the efficient collaboration process (e.g., well-organized meetings and frequent and 
effective communication among members) through which collaboration occurs is also suggested 
as crucial element of collaboration (Amabile et al., 2001). Stokols et al. (2005) also developed a 
framework for inter-team collaboration that enables better understanding of the entire process of 
inter-team collaboration. Specifically, researchers suggested that team collaborations are 
influenced by various factors such as intrapersonal, social, physical, environmental, 
organizational, and institutional. After the necessary preparations, teams actively collaborate 
through behavioral, affective, interpersonal, and intellectual process, and finally promote 
collaboration outcomes such as knowledge creation, policy changes, or implementation of new 
policies (Stokols et al., 2005).  
Though a number of conceptual frameworks have suggested the existence of various 
intervening processes or contextual factors through or under which inter-team collaboration 
affects team outcomes (e.g., Amabile et al., 2001; Sargent & Waters, 2004; Stokols et al., 2005), 
no research to date has been done to empirically test this relationship. As such, in the subsequent 
sections, the current study details the influences of inter-team collaboration on team knowledge 
creation and turnover intention via behavioral, affective, interpersonal, and intellectual 
mechanisms (Stokols et al. 2005). Specifically, the present study focuses on innovative climate 
and work interdependence. Moreover, a direct effect of inter-team collaboration and 
interdisciplinarity as a contingent factor that contributes to team outcomes are suggested.  
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Inter-Team Collaboration and Group-Level Knowledge Creation  
According to literature on knowledge creation, knowledge can be categorized into two 
dimensions: degree of articulation and degree of aggregation (Cabrera & Cabrera, 2002; Spender, 
1996). Knowledge articulation can be further divided into explicit and tacit knowledge (Hitt, 
Bierman, Shimizu, & Kochhar, 2001; Lane & Lubatkin, 1996). Explicit knowledge can be easily 
communicated and imitated. By contrast, tacit knowledge, being embedded in an organization 
through interconnections of human capitals and organizational context, can hardly be codified or 
articulated and has lower risk to be imitated (Lane & Lubatkin, 1996); hence, tacit knowledge is 
a basis for gaining superior performance (Lane & Lubatkin, 1996; Spender, 1996). The 
importance of knowledge has started to generate questions regarding “how to create” knowledge 
that can contribute to organizational competitiveness. For example, in his influential study on 
dynamic theory of organizational knowledge creation, Nonaka (1994) developed a two by two 
framework illustrating four types of knowledge creation processes, namely, “socialization” 
through which tacit knowledge is converted to tacit knowledge, “combination” through which 
explicit knowledge is converted to explicit knowledge, “internalization” through which explicit 
knowledge is converted to tacit knowledge, and “externalization” through which tacit knowledge 
is converted to explicit knowledge. “Socialization” and “internalization” were noted to occur 
through interactions between individuals (Nonaka, 1994). Without experience sharing through 
social interactions, creating new tacit knowledge from the tacit knowledge of another person is 
difficult. Furthermore, without learning process and information sharing among individuals, the 
conversion of explicit knowledge into tacit knowledge of another person hardly happens 
(Nonaka, 1994). Thus, under the context of inter-team collaboration in which social interactions 
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occur and sharing of information or experience is encouraged, new knowledge is more likely to 
be created than in single-team collaboration. 
From the perspective of knowledge aggregation, knowledge can be divided into 
individual and collective forms. Individual forms of knowledge refer to pieces of knowledge that 
individuals hold by themselves, whereas collective forms of knowledge refer to the collection of 
knowledge embedded in interactions among groups of people (Cabrera & Cabrera, 2002). In a 
situation in which teams collaborate with other teams, individuals from each team are likely to 
have a higher chance of sharing their “individual form” of knowledge with others than that in 
which teams collaborate with team members from other teams who share similar knowledge. For 
example, through an academic collaboration between a research group from the psychology 
department and another group from physics department, a doctorate student specializing in 
psychology is highly likely to share his/her knowledge with a post-doctorate researcher in 
physics via communication, interactions, and information-sharing that occur in inter-team 
collaboration. 
Moreover, the literature on creativity suggested that organizing and combining highly 
distinct perspectives with a creative tension can generate novel ideas (Kirton, 1976; Koestler, 
1964; Senge, 1990). Given that inter-team collaboration occurs through a process in which 
people from diverse disciplines and different knowledge levels join together to achieve a shared 
goal via communication, social interactions, and information-sharing (Jassawalla & Sashittal, 
1998), newer and more innovative knowledge is likely to be generated by collaborating teams 
than by teams that do not collaborate with other teams. 
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Various studies have provided support for the positive effect of inter-team collaboration. 
Specifically, teams can benefit from collaboration with other teams because inter-team 
collaboration can provide easy access to expertise (Katz & Martin, 1997; Melin, 2000) and 
resources (Melin, 2000; Vanrijnsoever, Hessels, & Vandeberg, 2008; Sonnenwald, 2007) that aid 
in the creation of new knowledge. Moreover, teams that are involved in frequent inter-team 
collaboration were found to have higher productivity (Beaver, 2001) or quality of results (Rigby 
& Edler, 2005). In the case of R & D teams in firms, high level of inter-team collaboration 
improves the development processes of new products (Souder, 1977, 1981; Souder & Moenaert, 
1992; St. John & Ruc, 1991). Furthermore, inter-team collaboration between research teams in 
the field of academia [i.e. research collaboration (Bukvova, 2010; Hu & Racherla, 2008)] can 
increase funding opportunities (Beaver, 2001; Heinze & Huhlmann, 2008) and provide 
opportunities for team members to learn new skills (Heinze & Khulmann, 2008; Wagner, 
Brahmakulam, Jackson, Wong, & Yoda, 2001). Based on the above argument, I hypothesize the 
following: 
  Hypothesis 1: Inter-team collaboration will be positively associated with group-level 
 knowledge creation. 
Inter-Team Collaboration and Group-Level Turnover Intention  
Besides the positive role of inter-team collaboration on knowledge creation, potential 
risks of inter-team collaboration have also been suggested by a few scholars. For example, inter-
team collaboration can result in problems, such as increased conflict with regard to assigning 
credit between two parties (Wray, 2006). Similarly, Kożuch, (2009) argued that collaboration 
cannot always be identified with the accomplishment of common goals because even when the 
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collaborators (e.g., team A and team B) have similar goals, each may have to deal with different 
third parties (e.g., team A with team C, and team B with team D) with dissimilar goals. Therefore, 
conflict of interest between collaborators can occur (Wray, 2006). Consequently, conflict and 
possible negative attitudes among members of collaborating teams can increase their tendency to 
leave the team. Furthermore, given that a number of inter-team collaborations are developed to 
address complex tasks by pooling diverse functions and specializations that participating teams 
possess (Stokols et al., 2008), ill-coordinated collaboration is highly possible, which can be 
detrimental for achieving successful results (Bruns, 2013). For example, high costs of 
coordination and management in ill-coordinated inter-team collaboration have potential negative 
effects on team outcomes (Cummings & Kiesler, 2007), such as negative attitudes and 
perceptions, and subsequent increased level of team turnover. Furthermore, as collaboration 
becomes highly excessive, more time and effort for managerial tasks than core or goal-related 
tasks are needed to coordinate joint activities and sustain the collaboration (Ocasio, 1997), which 
can hinder the positive attitudes of team members toward their job and team. As a result, 
individuals with negative viewpoints toward their team are more likely to leave the team. 
Moreover, collaboration may increase inter-team and interpersonal conflict, social fragmentation, 
sub-grouping, and non-overlapping plans (Stokols et al., 2008) as members from more than a 
single team with diverse backgrounds, visions, or goals interact with each other. Increased level 
of conflict and need to perform administrative tasks rather than goal-related tasks and 
participation in inter-team collaboration may be more stressful and dissatisfying, which are 
feelings that are positively associated with the withdrawal behavior of individuals and their 
intention to leave the team or the job (Podsakoff, LePine, & LePine, 2007).  
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The current study argues that the individual level of increased turnover intention owing to 
inter-team collaboration can also be explored at the group level of analysis. George and 
Bettenhausen (1990) suggested that although many previous studies on turnover analyze at the 
individual level, higher levels of analysis are possible, such as work units. Studying at the group 
level may improve understanding of turnover. Similarly, investigating the turnover intentions of 
groups and how they relate to diverse group-level characteristics can enhance understanding of 
turnover. The focus of the section is the role of inter-team collaboration in group-level turnover 
intention. Specifically, work units may vary by the extent to which they provide positive 
reinforcement (i.e., rewards caused by group membership) or punishment (i.e., costs caused by 
group membership) for group members (George & Bettenhausen, 1990; Thibaut & Kelley, 1959).  
Higher amount of “punishing” rather than “reinforcing” will more likely increase turnover 
intention of a certain work unit because the former costs more than providing rewards for group 
members. Inter-team collaboration is expected to be positively associated with higher group 
turnover intention because teams involved in inter-team collaboration are more likely to “punish” 
group members by (1) letting them spend more time and effort on managerial tasks rather than 
on core or goal-related tasks and (2) letting them experience higher levels of conflict and stress. 
Further, negative feelings are expected to be shared in units with a collective sense of turnover 
intention among team members, owing to job stress or dissatisfaction, and such feelings will be 
important resources that may increase the group-level intention to leave because increased stress 
and job dissatisfaction are suggested to be positively associated with the intention to leave the 
team or job (Podsakoff, et al., 2007). Based on the above argument, the current study proposes 
the following: 
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 Hypothesis 2: Inter-team collaboration will be positively associated with group-level 
 turnover intention. 
Interdisciplined Team Collaboration  
 To understand interdisciplined team collaboration, the meanings of discipline and 
interdisciplinarity must first be established. Discipline can be defined as “any comparatively self-
contained and isolated domain of human experience that possesses its own community of experts” 
(Nissani, 1997, p. 203). Similarly at the team level, each team can be represented as having a 
distinct area of function, domain of experience, a branch of knowledge, or “discipline”. For 
example, in academic collaboration in research universities, discipline can refer to the 
department where each team belongs, such as biology, psychology, or engineering. Similarly, 
collaborations can happen among R & D teams in companies with multi-disciplined areas such 
as product design, product development, or product testing.   
 Though many have attempted to define interdisciplinarity (e.g., Bammer, 2012; Klein, 
1990; Kockelmans, 1979; Mayville, 1978; Nissani, 1995; 1997; Stember, 1991), no consensus on 
the definition of interdisciplinarity exists (see Nissani, 1995; 1997). For example, Klein (1990) 
defined interdisciplinarity collaboration as research across the boundaries of several closely 
related disciplines, such as Sociology, Anthropology, and Psychology, which involve extensive 
“borrowing” of concepts and methods undertaken by individuals and teams. More recently, 
Bammer (2012) defined interdisciplined collaboration as the intersection of two or more distinct 
disciplines in the conduct of research, such as Biology and Chemistry or Psychology and 
Mathematics. Based on the above definitions, the level of interdisciplinarity in team 
collaboration is referred to as the extent to which team collaboration occurs among teams with 
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different disciplines, functional areas, or branches of knowledge. For example, collaborations 
can occur among scientific research teams in universities with diverse disciplines such as 
Biology, Psychology, or Engineering. Similarly, collaborations can occur among R & D teams in 
companies with multi-disciplined areas such as product design, product development, or product 
testing.  Therefore, the level of interdisciplinarity in inter-team collaboration can vary 
collaboration within a single discipline where collaborating teams have the same branch of 
knowledge, that is, low level of interdisciplinarity or collaboration among multiple disciplines in 
which teams have different backgrounds and functions or high level of interdisciplinarity.  
The Moderating Role of Interdisciplined Team Collaboration  
Modern business organizations have become increasingly focused on knowledge 
acquisition and its link to innovations, such as technical, product, strategic, and performance 
(Nonaka, 1994). The importance of knowledge has started to generate questions regarding “how 
to create” knowledge that can contribute to organizational competitiveness. According to the 
dynamic theory of knowledge creation (Nonaka, 1994), four different “modes” of knowledge 
creation involve conversion between tacit knowledge (i.e., knowledge that cannot be expressed 
in verbal, symbolic, and written form, thus cannot be transmitted easily to others) and explicit 
knowledge (i.e., knowledge that exists in written or symbolic form, thus can be readily 
transmitted to others). Though the specific process that evolves for each type of knowledge 
conversion differs, knowledge is converted through “interaction between individuals” (Nonaka, 
1994, p. 19). For example, in the process where tacit knowledge is converted (i.e., socialization 
mode of knowledge creation), people interact and learn from the experiences of others by 
observing, imitating, and practicing. In the combination mode where explicit knowledge is 
created from explicit knowledge, social interaction between individuals is also essential. 
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However, the channel of interaction relies more on the written or symbolic form (e.g., telephone 
conversions or documents) rather than on observation or imitation. Similarly, the third mode (i.e., 
internalization mode where explicit knowledge is transformed to tacit knowledge) and the fourth 
mode (i.e., externalization mode where tacit knowledge is transformed to explicit knowledge) of 
knowledge conversion also occur through a process of mutual interaction between individuals 
over time (Nonaka, 1994). In a similar notion, a number of researchers suggested that the human 
resource department in firms could play an important role in facilitating knowledge creation. For 
example, Nahapiet and Ghoshal (1998) argued that the process of exchange and combination of 
knowledge among the members of organizations could create new intellectual capital (i.e., 
knowledge).  
From the perspective of team collaboration, social interaction to create knowledge in teams can 
be enhanced or amplified when team members interact with external teams and not just with 
members of the team. In other words, social interaction can be further strengthened when 
collaboration is among teams from various disciplines or branches of knowledge or when the 
level of interdisciplinarity of team collaboration is higher rather than lower. When teams 
collaborate with other teams, especially those from diverse disciplines, any type of knowledge 
conversion or creation likely occurs because the social interaction process, such as learning from 
the experiences of others through written (i.e., symbolized or explicit) or non-written (i.e., tacit) 
forms, is critical in creating new knowledge. For example, using 15 interdisciplinary teams in a 
hospital setting, Vinokur-Kaplan (1995) found that high-interdisciplined team collaboration is 
positively linked to the ratings of members of the physical environments for team interactions, 
such as accessibility to team meeting places and relevant team meeting materials. Enhanced 
physical environment for social interactions, owing to the interdisciplined team collaboration, 
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can broaden the opportunity to learn from others and create knowledge. When teams collaborate 
with other teams from diverse disciplines (i.e., involving high-interdisciplined team 
collaboration), the positive association of team collaboration with team knowledge creation can 
be strengthened. Thus, the hypothesis of the study is as follows: 
 Hypothesis 3: Interdisciplinarity will moderate the relationship between inter- team 
 collaboration and knowledge creation, such that, as the level of interdisciplinarity 
 increases, the positive impact of inter-team collaboration on knowledge creation will be 
 strengthened. 
However, inter-team collaboration involving teams from diverse disciplines can also pose 
problems to inter-team collaboration, especially with the turnover intention of the group that is 
an averaged turnover intention of group members. As suggested, tools, such as common 
vocabulary that refers to “words that we use to communicate the meaning of our thoughts”, 
(Jeffrey, p. 547) are fundamental for effective communication between collaborating teams 
(Jeffrey, 2003) and in achieving success. For example, a team from one discipline may use words 
with specific meanings under their own discipline and context, which may deviate from that 
understood by teams from another discipline. Thus, unsurprisingly, teams involved in multi-
disciplined team collaboration are likely to experience more issues in communicating with each 
other than teams engaged in single-disciplined team collaboration. Moreover, teams may even 
develop new vocabulary. For example, scientists in various disciplines often develop new terms 
to describe or define novel constructs they find (Jeffrey, 2003), which can create potential 
communication problems when they participate in inter-team collaboration, especially if the 
collaboration is highly interdisciplined. The difficulty of communication has been suggested to 
increase conflict (Harrigan, 1986) because differences in knowledge, objectives, and concerns of 
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participating teams cannot be resolved and clarified without effective communication (Gong, 
Shenkar, Luo, & Nyaw, 2001). Thus, the high risk of miscommunication or ineffective 
communication in interdisciplined team collaboration may result in increased conflict between 
collaborating teams. Team conflict can also negatively affect the attitudes of individuals, such as 
satisfaction (De Dreu & Weingart, 2003) and their commitment toward the team (Pearson, 
Ensley, & Amason, 2002), which consequently increase their intention to leave the organization. 
Therefore, the negative role of inter-team collaboration is more likely to be intensified when the 
collaboration occurs between teams with high interdisciplinarity, in which effective 
communication is relatively more difficult to achieve than in single-disciplined teams.  Based on 
the above argument, I hypothesize the following: 
 Hypothesis 4: Interdisciplinarity will moderate the relationship between team 
 collaboration and turnover intention, such that, as the level of interdisciplinarity 
 increases, the positive impact of team collaboration on turnover intention will be 
 strengthened.  
Opening the Black Box between Inter-Team Collaboration and Knowledge Creation and 
Turnover Intention 
The Mediating Role of Innovation Climate 
 Innovation climate can be defined as “the expectation, approval and practical support of 
attempts to introduce new and improved ways of doing things in the work environment” 
(Anderson & West, 1998, p. 240). Though no empirical studies had tested the effect of inter-
team collaboration on innovation climate, collaboration between teams is expected to reinforce 
innovation climate, with one of the core purposes of organizing inter-team collaboration is to 
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increase team effectiveness and innovative performance of teams. For example, a significant 
number of business organizations have integrated cross-functional teams or encourage 
collaboration among teams to improve the new product development process (Souder, 1977, 
1981; Souder & Moenaert, 1992; St. John & Ruc, 1991), with the expectation that inter-team 
collaboration will enhance the climate for innovation and result in increased team effectiveness 
and knowledge creation. More effort devoted to generating team level collaboration will result in 
more diffusion of the climate for innovation. 
Another stream of research supported the proposition that innovation climate is a 
consistent antecedent of the knowledge creation of teams (Bain, Mann, & Pirola-Merlo, 
2001; Burningham & West, 1995; West & Anderson, 1996). In the development of new 
knowledge, creative aspects involve the high-risk process of testing, evaluating, and applying 
new ideas. Thus, the climate for innovation of the team that supports the process is likely to be 
crucial (Bain et al., 2001; West, 1990). For example, using a sample of 193 high technology 
professionals in 20 research teams and 18 development teams, Bain et al. (2001) showed that 
although a positive relationship between innovation climate and team innovation exists between 
the research and development teams, the effect of team climate on team innovation was stronger 
for research teams than for development teams, suggesting the greater importance of supporting 
the innovation climate and innovation in knowledge-creating teams. Similarly, West and 
Anderson (1996) examined various antecedents for team innovation by conducting a longitudinal 
investigation of top management teams in 27 healthcare organizations. They found that team 
process variables, including climate for innovation, are strong predictors of the overall level of 
team innovation. Based on these studies, innovation climate is expected to mediate the 
relationship between inter-team collaboration and team knowledge creation. 
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Furthermore, evidence supports that innovation climate is a predictor of employee well-
being (King, de Chermont, West, Dawson, & Hebl, 2007), which is strongly related to the 
intention of team members to leave. Specifically, King et al. (2007) argued that in organizations 
having a climate for innovation and where creative ideas are valued and encouraged, negative 
consequences of demanding work are ameliorated. The present study suggests that the climate 
for innovation will mediate the negative effect of inter-team collaboration on group-turnover 
intention because individuals participating in inter-team collaboration are likely to show higher 
intention to leave owing to increased work demands for management. 
 Hypothesis 5: Innovation climate will mediate the relationship between inter-team 
 collaboration and knowledge creation. Specifically, the relationship between inter-team 
 collaboration and innovation climate will be positive, and the relationship between 
 innovation climate and knowledge creation will be positive. 
 Hypothesis 6: Innovation climate will mediate the relationship between inter-team 
 collaboration and turnover intention. Specifically, the relationship between inter-team 
 collaboration and innovation climate will be positive, and the relationship between 
 innovation climate and turnover intention will be negative. 
The Mediating Role of Job Interdependence  
Job interdependence is defined as a degree to which the job is either affected or 
influenced by other jobs in the process of completing the task (Kiggunde, 1981; 1983). Job 
interdependence has two distinct forms (Kiggunde, 1981): (a) initiated job interdependence, 
which refers to the extent that “work flows from a particular job to one or more other jobs” 
(Kiggunde, 1981, p. 501) and (b) received task interdependence, which refers to the degree that 
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“a particular job is affected by the workflow from one or more other jobs” (Kiggunde, 1981, p. 
501). For both types of job interdependence, the effect of jobs of other individuals will increase 
when a team actively collaborates with other teams (i.e., high inter-team collaboration) compared 
with a simple collaboration between members of the team because the increased level of job 
interdependence requires extensive amount of interactions that include an exchange of 
information, ideas, and resources (Saavedra, Earley, & Van Dyne, 1993; Van de Ven, Delbecq, 
& Koenig, 1976), which occurs more frequently at a higher degree of inter-team collaboration.  
Although empirical studies investigating the relationship between interdependence and 
innovative behavior are insufficient, a positive association between job interdependence and 
knowledge creation is expected in the present study. Creating novel knowledge often stems from 
developing, promoting, discussing, modifying, and realizing innovative ideas through social 
interactions among individuals (Kanter, 1988; Van der Vegt & Janssen, 2003; West & Farr, 
1989); hence, intra-team interdependencies may play an important role in predicting the 
innovative behavior of individual team members. For example, in a study involving 343 
individuals in 41 teams in a financial services organization, Van der Vegt and Janssen (2003) 
found that job interdependence is positively related to the innovative behavior of individuals who 
observe high levels of goal interdependence and who are engaged in diverse teams. Though the 
study has been done at the individual level, a similar pattern is expected to show at the group 
level of knowledge creation. Thus, job interdependence will mediate the positive effect of inter-
team collaboration on team knowledge creation. 
In terms of group-level turnover intention, job interdependence is expected to be 
negatively associated with turnover intention. Individuals are more likely to rely on other job 
holders when job interdependence is high than when job interdependence is low (Van de Ven et 
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al., 1976) because the degree to which the frequency of one job is affected by and influenced by 
others is elevated when job interdependence is high. Furthermore, individuals tend to form 
intentions based on other jobs/individuals and group-based considerations rather than on 
personal cost-beneﬁt considerations. Consequently, individuals are less likely to leave the team 
for their own interest and the average group-level turnover intention will also be lowered.  Thus, 
job interdependence will mediate the negative effect of inter-team collaboration on group-
turnover intention. 
 Hypothesis 7: Job interdependence will mediate the relationship between inter-team 
 collaboration and knowledge creation. Specifically, the relationship between inter-team 
 collaboration and job interdependence will be positive, and the relationship between 
 job interdependence and knowledge creation will be positive. 
 Hypothesis 8: Job interdependence will mediate the relationship between inter-team 
 collaboration and turnover intention. Specifically, the relationship between inter-team 
 collaboration and job interdependence will be positive, and the relationship between 
 job interdependence and turnover intention will be negative. 
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CHAPTER 3 
RESEARCH SAMPLE AND METHODS 
Sample 
Data were collected in two multidisciplinary research institutes in a large public 
university in Midwest. The first institute consists of research teams specialized in various 
disciplines such as physics, chemistry, mechanical engineering, electrical engineering, 
bioengineering, material science engineering, and biochemistry. The second institute brings 
together research teams in disciplines such as psychology, kinesiology, linguistics, biochemistry, 
biophysics, computer science, and electrical engineering. The institutes were founded on the 
premise that reducing the barriers between traditional scientific and technological disciplines. As 
such, even though the teams come from a variety of disciplines, they frequently work within and 
across disciplinary boundaries.  
Two online surveys were conducted. Participants were informed at the beginning that the 
survey was confidential and completely voluntary, and received a $30 gift certificate as a token 
after they completed two rounds of the survey. In the first round of the survey, individual level 
variables such as gender, race, and education, and team tenure, as well as group level variables 
such as innovative climate and job interdependence were measured. A month after the first 
survey was completed, the second round of survey was distributed. Participants indicated their 
turnover intention and rated the overall team performance. The final sample consists of 398 
individuals in 55 research teams. The average within-group response rate was 75%, ranging from 
50% to 100%. The average team size in the sample was 7.24 individuals. The average team 
tenure was 2.27 years, ranging from 2 months to 9 years. The average proportion of women in 
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the teams was 35%. Forty-six percent of the participants were Caucasian, 41% were Asian, 1.3% 
were African American, and 2.6% were Hispanic. Twenty percent of the respondents had 
Doctoral degree, 28% had Master’s degree, 38% had Bachelor’s degree, and 12% were 
undergraduate students.  
Measures 
Dependent Variables  
Knowledge creation. Knowledge creation was measured following a similar process used 
by Lavie and Drori (2012). Since knowledge creation for scientific research teams is generally 
counted by scientific publications (Cohen, Nelson, & Walsh, 2002), I used team leaders’ journal 
publications as channels for knowledge creation. First, I searched Thomson’s ISI Web of 
Knowledge database and searched for team leader’s name and university affiliation to extract the 
team leader’s journal publications since 2008. If the information was not available, I manually 
searched the team leader’s curriculum vitae and coded the relevant information. Book 
publications were excluded since books are considered as a less pertinent outlet for new 
knowledge publication and generally published without a peer-review system (Lavie & Drori, 
2012). I then summed up the number of journal publications and treated this as a continuous 
measure of knowledge creation. Overall, the 55 teams published 783 articles with a standard 
deviation of 10.33.  
Turnover intention. Turnover intention is measured by the following 5-point Likert scale 
items (1 = Strongly disagree; 5 = Strongly agree; (Colarelli, 1984). Items include, “There is a 
good chance I will leave this lab in the next academic year”, “I frequently think of quitting this 
lab”, I will probably look for a new lab in the next academic year,” The items are intended to 
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1capture the respondents’ intention to leave the ‘team’ but not the academia by graduating. Thus, 
only those respondents who were not graduating in the coming summer got to fill in the turnover 
intentions items. Individual rated turnover intention was aggregated then divided by the number 
of group members. This averaged turnover intention was used as group-averaged turnover 
intention. The alpha coefficient was .87. 
To assess the viability of creating an individual-level variable to represent group average 
perceptions of turnover intention, I examined three indices typically used to justify aggregation 
(Bliese, 2000) —rWG(J), (James, Demaree, & Wolf, 1984), and intraclass correlation [ICC(1), and 
ICC(2); McGraw & Wong, 1996). ICC(1) provides an estimate of the extent to which variance in 
the target construct can be attributed to group membership. An ICC(1) of .12 is typically 
regarded as an acceptable to justify aggregation (Bliese, 2000). ICC(2) provides an overall 
estimate of the reliability of the unit means, and Glick (1985) recommended a cutoff of .60 for 
ICC(2). In addition, I also calculated the F-statistic to determine the between-group variance. 
The mean rWG(J) was .76, which is above suggested cutoff point of .70, ICC(1) and ICC(2) 
were .09 and .41, respectively. The F-value was 1.69 (df = 54, 251, p < .01). Although the ICC(2) 
value was lower than desired, because ICC(2) represents the reliability of the group-level scores, 
having a lower ICC(2) would serve to attenuate group-level correlations (Bliese, 2000). I am thus 
providing a conservative test of the hypothesis, because correlations involving this group-level 
turnover intention construct would be systematically underestimated, not overestimated. Taken 
                                                          
1 Confirmatory factor analysis (CFA) was conducted for four survey items (i.e., innovation climate, job 
interdependence, turnover intention, and team member perceived team performance). The results indicated intended 
four factor model fitted the data best (degrees of freedom (df) = 183, χ2 = 593.05, χ2/ df = 3.24, Root Mean Square 
Error of Approximation [RMSEA] = .08, Comparative Fit Index [CFI] = .92, Akaike Information Criterion [AIC] = 
731.05). Yet, in multilevel data, the basic assumption that observations are independent for the traditional factor 
analysis is violated, because in most cases survey responses are correlated (e.g., survey items for each team 
characteristic come from multiple team members) (Dyer, Hanges, & Hall, 2005). Since the data used in the current 
dissertation is multilevel, multilevel CFA (MCFA, Muthen, 1990; 1994) instead of traditional CFA is necessary. I 
acknowledge this limitation.   
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together, I concluded that evidence was adequate to justify to aggregating individual level 
measure of turnover intention to represent group-level turnover intention. 
Mediators  
Climate for innovation. Climate for innovation was measured using the following 5-
point Likert scale (1 = Strongly disagree; 5 = Strongly agree) items (Anderson & West, 1998):  
“This lab is always moving toward the development of new answers”, “Assistance in developing 
new ideas is readily available”, “This lab is open and responsive to change”, “People in this lab 
are always searching for fresh, new ways of looking at the problem”, “In this lab we take the 
time needed to develop new ideas”, “People in the lab cooperate in order to help develop and 
apply new ideas”, “Members of the lab provide and share resources to help in the application of 
new resources”, and “Lab members provide practical support for new ideas and their 
application”. The alpha coefficient was .91.  
The mean rWG(J) was .78, indicating high agreement within the group. The value of ICC(1) 
was .23 and ICC(2) was .68 for climate for innovation. The F-statistic for group average 
perceptions of climate for innovation was 2.55 (df = 54, 328, p < .01). Therefore, I found 
sufficient empirical support in the statistics to aggregate individual level climate for innovation 
variable at the group level. 
Job interdependence. Three 5-point Likert scale items (1 = Strongly disagree; 5 = 
Strongly agree) from Pearce and Gregersen (1991) were used to measure job interdependence. 
The items were “Members of this lab have their own individual assignments to do, with little 
need for them to work together (reverse-coded)”, “To accomplish its purposes, this lab requires a 
great deal of communication and coordination among lab members”, and “Members of this lab 
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have to depend heavily on one another to get the lab's projects done.”  The alpha coefficient 
was .77.  
Again, to justify aggregation of individual level job interdependence to the group level, I 
calculated rWG(J), ICC(1), and ICC(2). The values for rWG(J), ICC(1), and ICC(2) were .85, .18, 
and .61, respectively. The F-statistic for group average perceptions of job interdependence was 
3.10 (df = 54, 332, p < .01). Thus, I concluded that evidence was adequate to justify the 
aggregation. 
Moderator  
Interdisciplinarity. Interdisciplinarity was measured using Rao-Sterling diversity 
measure (Rao, 1982; Also see Leydesdorff et al, in press). First, the author and three other 
doctoral students majoring in industrial/organizational psychology, material science engineering, 
and bio engineering served as independent coders to measure distances of certain combinations 
of disciplines. They were provided Biglan (1973)’s and Smart & McLaughlin (1978)’s Model of 
Academic Discipline which categorizes various academic disciplines based on three different 
dimensions. Specifically, the dimensions are “hard vs. soft”, “pure vs. applied”, and “life system 
vs. non-life system” (Biglan, 1973). “Hard” academic disciplines can be characterized as having 
a clearly delineated set of paradigm, methods, or problems, while “soft” academic departments 
do not have such agreed paradigm. “Pure” academic disciplines are the ones that are not 
concerned with practical application whereas “applied” disciplines are more concerned about 
practical application. Lastly, “life system” academic departments are characterized by 
involvement with living or organic objects while “non-life system” disciplines do not have an 
emphasis on involving living objects (Biglan, 1973; Smart & McLaughlin, 1978). For example, 
research teams from mechanical engineering can be characterized as “applied and non-life 
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system”, research teams from psychology can be characterized as “soft, pure, and life-system”, 
research teams from chemistry can be categorized as “pure and non-life system”, and research 
teams from physiology can be categorized as “hard, life system, and pure”. The coders were 
given these definitions and examples, as well as the dyadic collaborations of research disciplines 
in the sample.  
The examples of interdisciplinary research collaborations in the sample include 
psychology with kinesiology, medicine, statistics, bioengineering, and etc., material science 
engineering with physics, medicine, electrical and computer engineering, and etc., and biology 
with crop science, bioengineering, chemistry, and etc. Three independent coders were then asked 
to indicate for each combination of dyadic collaboration on how are they different in terms of 
three different dimensions of Biglan (1973)’s disciplinary characteristics. Specifically, they 
provided scores between 1 (strongly disagree) and 5 (strongly agree) for the following statement 
for each “hard/soft”, “pure/applied”, and “life/non-life” category: “these two disciplines are very 
distinct from each other”, then the scores were averaged having a minimum distance score of 3 
and maximum distance score of 15.  The distance scores are then weighted with the proportions 
of collaborations in each of the categories (that is, academic disciplines) using Rao-Stirling 
diversity (Δ). This measure is defined as follows:  
(1) Δ = Ʃij [(1 - pipj) × dij]  
where dij is a distance score between two disciplines i and j, and pi is the proportion of 
elements assigned to category i.  
The Rao-Stirling diversity measure (Rao, 1982; Stirling, 2007) was used because it not 
only measures diversity in terms of proportion of elements in categories of classification, but 
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also takes into consideration the distances between the categories (i.e., distance scores between 
disciplines). Specifically, based on the publication list provided by each team leader’s CV, I 
manually tracked number of outside collaborators (e.g., coauthors who were faculties, post-docs, 
or doctoral students outside the team leader’s own team) and their academic discipline using 
information such as author names and affiliations for each publication. Then, I calculated 
proportion of elements (e.g., if a publication has one outside collaborating team the proportion 
would be .502;  three outside collaborating team the proportion would be .254) and multiplied 
them by distance scores for each collaboration for each publication and then summed them up to 
calculate interdisciplinarity score for each team.  
Independent variable  
Inter-team Collaboration. Inter-team collaboration is measured by the team’s number of 
co-principal investigator (co-PI) or co-investigator research projects with other research groups. 
This information is available by counting the number of research grants which includes other 
team leader(s) as co-PI(s) or co-investigators on their curriculum vitae (CV) between 2005 and 
2010. Although most of the team leaders’ CVs had relevant information, in cases where CV does 
not provide information regarding research grants or projects, I relied on the following website: 
https://www.collectiveip.com/. CollectiveIP.com reports information on certain researcher’s 
amount of research grants, number of research projects, and number of co-PI/co-investigators.   
Control variables  
To reduce potential confounding effects, I controlled for several group-level variables 
known to correlate with various group outcomes. Specifically, team size, type of institution, 
group member perceived team performance, and leader’s gender were controlled.  
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Team size. Team size was measured as the number of team members in each of the teams.  
Institutes. Since I have two interdisciplined institutes in my sample, it was coded 1 for 
one institute and 0 for otherwise.  
Team leader’s gender. Leader’s gender was coded 1 for male and 0 for female.  
Group member perceived team performance. Group member rated team performance 
which was measured by the following 5-point Likert scale (1 = Strongly disagree; 5 = Strongly 
agree) items “Quality of work done (e.g., quality of publications)”, “Productivity (e.g., numbers 
of publications)”, “Completing research projects on time”, “Completing research projects within 
project cost estimate”, “Providing innovative products or solutions”, “Responding quickly to 
problems or opportunities, “Overall performance”, “Quality of Research Contributions”, and 
“Value to the Lab and Help to other Lab Members” The alpha coefficient was .90. Since 
individual member perceived team performance was aggregated as a group level variable, rWG(J), 
ICC(1), and ICC(2) were calculated. The values for rWG(J), ICC(1), and ICC(2) were .90, .09, 
and .43, respectively. The F-statistic for group average perceptions of job interdependence was 
1.74 (df = 54, 321, p < .01). Although the ICC(2) value was lower than desired, because ICC(2) 
represents the reliability of the group-level scores, having a lower ICC(2) would serve to 
attenuate group-level correlations (Bliese, 2000). I am thus providing a conservative test of the 
hypothesis, because correlations involving this group-level perceived team performance 
construct would be systematically underestimated, not overestimated. Taken together, I 
concluded that evidence was adequate to justify to aggregating individual level measure of team 
performance to represent group-level team performance. 
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CHAPTER 4 
RESULTS 
 Table 1 presents means, standard deviations, and correlation coefficients among variables.  
   
 
 
34 
 
 
  Mean S.D. 1 2 3 4 5 6 7 8 9 10 
1. Team size 7.24 5.10 1 
         2. Institute dummy 1.20 .40 .03 1 
        3. Team performance 3.97 .33 .26* .01 1 
       4. Leader gender  
    (1 = male; 0 = female) .82 .39 .27* .12 -.02 1 
      5. Inter-team collaboration 5.49 5.03 .32** -.19† .42** -.03 1 
     6. Knowledge creation 14.50 10.43 .55** -.16 .25* .27* .63** 1 
    7. Turnover intention 2.68 1.30 -.23* .09 .17 -.27* -.05 -.25* 1 
   8. Interdisciplinarity 9.40 9.95 .53** -.21† .24* .17 .70** .87** -.24* 1 
  9. Innovation climate 3.69 .39 .10 .07 .56** .07 .05 -.05 .01 .02 1 
 10. Job interdependence 3.19 .33 .05 .02 .09 .08 .06 .01 .16 .06 .10 1 
† p < .10 
            * p < .05 
            ** p < .01 
            
TABLE 1. Means, Standard Deviations, and Correlations among Variables 
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 Table 2 summarizes results from a series of regression analyses testing direct effect of 
inter-team collaboration on knowledge creation (Model 2) and moderating effect of 
interdisciplinarity (Model 4) on the relationship between inter-team collaboration and knowledge 
creation. Hypothesis 1 predicted that inter-team collaboration will be positively associated with 
group-level knowledge creation. In support for the hypothesis, I found statistically significant 
positive relationship between inter-team collaboration and group-level knowledge creation 
(model 2: β = .55, p < .01). Hypothesis 3 predicted that interdisciplinarity will moderate the 
relationship between inter- team collaboration and knowledge creation, such that, as the level of 
interdisciplinarity increases, the positive impact of inter-team collaboration on knowledge 
creation will be strengthened. Contrary to the expectation that there will be positive moderating 
effect, I found statistically significant but negative moderating effect of interdisciplinarity on the 
relationship between inter-team collaboration and knowledge creation (model 4: β = -.56, p 
< .01). Both regression models were statistically significant (model 2: F = 7.36, p < .01 and 
model 4: F = 16.43, p < .01) and the adjusted R2 also indicated that between-team variance can 
be explained by inter-team collaboration and its interaction with interdisciplinarity along with 
other control variables (model 2: adjusted R2 = .54 and model 4: adjusted R2 = .80). Figure 2 
depicts the interaction effect of inter-team collaboration and interdisciplinarity on knowledge 
creation. To determine the statistical significance of each slopes, I tested the simple slopes of low 
interdiscipinarity and high interdisciplinarity. I found that the inter-team collaboration was more 
positively related to knowledge creation when the interdisciplinarity level was low (simple slope 
test: β = .45, p < .05), rather than when the interdisciplinarity level was high (β = -.04, p > .10). 
 Multicollinearity was assessed through computation of the variance inflation factor (VIF) 
for each variable (Freund & Littel, 1991), which indicates the overall overlap between one 
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independent variable and all other independent variables. As Myers (1990) noted, VIF values 
exceeding 10 indicate serious collinearity. Results presented in Table 2 show all VIF values for 
variables in models are below, with a maximum value for the interaction term between inter-
team collaboration and interdisciplinarity of 9.2, indicating that collinearity was not a serious 
problem. 
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TABLE 2. Regression Results Testing the Direct Effect of Inter-team Collaboration and 
Moderating Effect of Interdisciplinarity on Knowledge Creation2 
 
 
 
                                                          
2 Since the dependent variable is count variable, a series of negative binomial regression analyses were also 
conducted. The pattern of the results from negative binomial regression analysis was similar. Inter-team 
collaboration had a positive and statistically significant effect on knowledge creation (b = .08, p < .01), 
interdisciplinarity also had a positive and statistically significant effect on knowledge creation (b = .05, p < .01), and 
the interaction of the two also showed a negative and statistically significant effect on knowledge creation (b = -.00, 
p < .01).  
  Model 1 Model 2 Model 3 Model 4 
  β t VIF β t VIF β t VIF β t VIF 
Team size .48*** 3.93 1.17 .33** 3.09 1.28 .10 1.15 1.53 .12 1.59 1.56 
Institute dummy -.21† -1.81 1.02 -.09 -.90 1.08 -.01 -.16 1.11 .00 .05 1.12 
Leader gender .17 1.45 1.10 .21* 2.09 1.11 .12† 1.72 1.14 .07 1.08 1.21 
Team performance .13 1.10 1.08 -.07 -.69 1.28 .02 .23 1.32 -.00 -.02 1.33 
             Inter-team 
collaboration 
   
.55** 4.87 1.44 .07 .62 2.54 .31* 2.45 4.33 
             Interdisciplinarity 
      
.75** 6.93 2.68 1.08** 7.33 5.73 
             Inter-team collaboration × 
Interdisciplinarity 
      
-.56** -3.01 9.20 
             R2 .38 .58 .79 .83
Adjusted R2 .32 .54 .76 .80 
∆ F 7.36** 23.70** 48.04** 9.07** 
Note. VIF = Variance Inflation Factor 
          † p < .10 
            * p < .05 
            ** p < .01 
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FIGURE 2. The Moderating Role of Interdisciplinarity on Knowledge Creation 
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 Table 3 summarizes results from a series of regression analyses testing direct effect of 
inter-team collaboration on group-level turnover intention (Model 2) and moderating effect of 
interdisciplinarity (Model 4) on the relationship between inter-team collaboration and group-
level turnover intention. Hypothesis 2 predicted that inter-team collaboration will be positively 
associated with group-level turnover intention. Contrary to the expectation, I found no 
statistically significant relationship between inter-team collaboration on group-level turnover 
intention (model 2: β = -.04, p > .10). Also, I found no statistically significant moderating effect 
of interdisciplinarity on the relationship between inter-team collaboration and group-level 
turnover intention (model 4: β = -.11, p > .10), in no support of Hypothesis 4 which predicted the 
following: interdisciplinarity will moderate the relationship between team collaboration and 
turnover intention, such that, as the level of interdisciplinarity increases, the positive impact of 
team collaboration on turnover intention will be strengthened. 
 
 
 
 
 
 
 
 
40 
 
TABLE 3. Regression Results Testing the Direct Effect of Inter-team Collaboration and 
Moderating Effect of Interdisciplinarity on Group-level Turnover Intention 
  Model 1 Model 2 Model 3 Model 4 
  β t VIF β t VIF β t VIF β t VIF 
Team size -.26† -1.81 1.17 -.24 -1.63 1.29 -.18 -1.10 1.53 -.17 -1.05 1.55 
Institute dummy .13 1.00 1.02 .12 .91 1.08 .10 .72 1.11 .10 .74 1.12 
Leader gender -.21 -1.56 1.10 -.22 -1.56 1.11 -.19 -1.36 1.14 -.20 -1.37 1.21 
Team performance .23 1.67 1.08 .24 1.63 1.26 .22 1.47 1.29 .22 1.42 1.30 
             Inter-team collaboration
 
-.04 -.24 1.42 .09 .45 2.40 .41 .51 4.28 
             Interdisciplinarity 
     
-.21 -1.00 2.57 -.15 -.48 5.56 
             Inter-team collaboration X Interdisciplinarity 
     
-.11 -.27 9.22 
             R2 .17 .17 .19 .19 
Adjusted R2 .10 .09 .09 .07 
∆ F 2.51† .06 .99 .07 
Note. VIF = Variance Inflation Factor 
         † p < .10 
           * p < .05 
           ** p < .01 
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 To open the black box between inter-team collaboration and group level knowledge 
creation and group-level turnover intention, first, Hypothesis 5 predicted that the relationship 
between inter-team collaboration and innovation climate will be positive, and the relationship 
between innovation climate and knowledge creation will be positive. With no support for the 
hypothesis, neither the effect of inter-team collaboration on innovation climate was statistically 
significant (b = .00, p > .10) nor the effect of innovation climate on knowledge creation was 
statistically significant (b = -2.17, p > .10). 95% bias-corrected bootstrap confidence interval 
using 5000 resampling for indirect effect of inter-team collaboration on knowledge creation 
through innovation climate also indicated no statistically significant indirect effect (lower CI = -
.12, upper CI = .04). Hypothesis 6 predicted that the relationship between inter-team 
collaboration and innovation climate will be positive, and the relationship between innovation 
climate and turnover intention will be negative. Again, the effect of innovation climate on group-
level turnover intention was not statistically significant (b = .05, p > .10). 95% bias-corrected 
bootstrap confidence interval using 5000 resampling for indirect effect of inter-team 
collaboration on group-level turnover intention through innovation climate also indicated no 
statistically significant mediating effect (lower CI = -.01, upper CI = .02). 
 Hypotheses 7 and 8 predicted the mediating effect of job interdependence on the 
relationship between inter-team collaboration and group-level knowledge creation and turnover 
intention. Specifically, Hypothesis 7 proposed that the relationship between inter-team 
collaboration and job interdependence will be positive, and the relationship between job 
interdependence and knowledge creation will be positive. Finding no support for the hypothesis, 
neither the effect of inter-team collaboration on job interdependence was statistically significant 
(b = .01, p > .10) nor the effect of job interdependence on group-level turnover intention was 
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statistically significant (b = -1.38, p > .10). 95% bias-corrected bootstrap confidence interval 
using 5000 resampling for indirect effect of inter-team collaboration on knowledge creation 
through job interdependence also indicated no statistically significant mediating effect (lower CI 
= -.11, upper CI = .04). Hypothesis 8 predicted that the relationship between inter-team 
collaboration and job interdependence will be positive, and the relationship between job 
interdependence and turnover intention will be negative. The effect of job interdependence on 
group-level turnover intention was not statistically significant (b = .65, p < .10) as well as the 95% 
bias-corrected bootstrap confidence interval using 5000 resampling for indirect effect of inter-
team collaboration on group-level turnover intention through job interdependence suggested no 
statistically significant mediation (lower CI = -.01, upper CI = .03), showing no support for the 
hypothesis. 
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CHAPTER 5 
DISCUSSION 
 For nearly three decades, the importance of collaborations has been pointed out among 
academics and practitioners, yet the effect of inter-team collaborations on team outcomes still 
remains underresearched. Considering the claim that in knowledge and science-driven industries 
or for public and private research-oriented foundations (e.g., university research programs and 
research institutes), new knowledge often stems from inter-team collaborations rather than from 
organizational level alliances or collaboration among individual employees (McFadyen & 
Cannella, 2004), the findings of current dissertation partially provide an answer to the question: 
is inter-team collaboration beneficial to the success of teams? Across research teams with 
academic disciplines ranging from psychology to material science engineering, the findings show 
that inter-team collaboration is statistically significantly and positively associated with teams’ 
knowledge creation. Moreover, the finding also suggests that this positive relationship is 
weakened when interdisciplinarity of inter-team collaboration is high. In other words, when 
collaboration is occurring between teams from multiple disciplines and that have various 
backgrounds and functions, the effect of inter-team collaboration on knowledge creation is 
muted.  
 This study makes several contributions to the continuously developing diversity literature 
and team collaboration literature. First, even though it did not find statistical support for the 
negative role of inter-team collaboration, the current study is the first one that empirically 
examined the dual effect of inter-team collaboration. Collaboration literature has emphasized on 
theorizing and empirically testing not only benefits but also drawbacks of collaboration on 
various individual and group level outcomes. For example, while some studies show that inter-
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team collaboration enhances team productivity (Beaver, 2012), others suggest that collaboration 
may increase inter-team and interpersonal conflict, social fragmentation, sub-grouping, and non-
overlapping plans (Stokols et al., 2008), thus hindering team performance effectively. By using 
theories from the knowledge creation literature, the current study also empirically suggests that 
inter-team collaboration is beneficial for teams’ knowledge creation. For organizations in a 
highly competitive and rapidly changing environment, not only exploiting existing knowledge 
but also creating and exploring new knowledge is critical for them to survive and succeed 
(D’Aveni, 1994). I note that an increasing number of organizations are emphasizing and 
encouraging inter-team collaboration in various forms, and the current findings suggest that 
inter-team collaboration can be a source of competitive advantage for firms. Still, inter-team 
collaboration should be implemented with caution. Although not supported, the negative role of 
inter-team collaboration on group outcome, specifically for group averaged turnover intention, 
was proposed borrowing theories from diversity literature. Due to the frequent interactions with 
outside team members who possess diverse functional backgrounds, similarly suggested in the 
diversity literature, may increase negative work-related feelings such as stress, conflict, and 
dissatisfaction, thus increasing individuals’ intentions to leave the team (Podsakoff et al., 2007). 
I call for more research on the negative role of inter-team collaboration.  
 Moreover, the finding on the positive affect of inter-team collaboration on group-level 
knowledge creation suggests another theoretical implication for the knowledge literature. 
Knowledge can hardly be created without social interactions, learning processes, and information 
sharing (Nonaka, 1994). Also collective forms of knowledge can be generated through 
interactions among groups of people where they can share their individual forms of knowledge 
(Cabrera & Cabrera, 2002). Even though it has been empirically examined by numerous scholars 
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that collaborations among individuals or firms are beneficial for knowledge creation (e.g., Lam, 
1997; McFadyen & Cannella, 2004), it is noteworthy that the finding of the current study 
proposes a new antecedent for group-level knowledge creation supporting the notion that the 
collective form of knowledge creation involves various social interaction and information 
sharing, which take place in inter-team collaboration. 
 A second contribution of the current study is that it empirically tests group level 
collaboration and its effect on group performance. Collaboration has been studied mostly at the 
firm level or at the individual level, and few notable exceptions conducted at the group level 
have focused on the effectiveness of operations management or marketing strategy (Jassawalla & 
Sashittal, 2003; St. John & Ruc, 1991). The findings of the current study are particularly 
noteworthy because the sample setting is research teams from two public research oriented 
organizations. In such settings, investigating the value of group-level collaboration is more 
critical than focusing on the effect of either organizational or individual level collaborations, 
since performance of such teams are evaluated based on the outcomes that are generated through 
exchanging, sharing, or co-development of technologies or products among teams. The positive 
association between inter-team collaboration and knowledge creation indeed shows the critical 
role of inter-team collaboration especially in such settings, and supports the notion of many 
public and private research oriented foundations such as university research centers and research 
programs.  I surmise that this positive role of group level collaboration is also an important factor 
for other organizations particularly in knowledge and science driven industries. Future research 
could shed light on whether the adoption of inter-team collaboration has positive impact on 
group performance using a sample of organizations in such settings, for example, industrial 
chemicals, pharmaceuticals, and electronics industries.  
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 The finding regarding the statistically significant moderating role of interdisciplinarity on 
the relationship between inter-team collaboration and knowledge creation is also noteworthy. 
First, it is important to note that there has been mixed findings with regard to the role of inter-
team collaboration, the finding of the current dissertation helps understanding such conflicting 
findings by suggesting interdisciplinarity as a contextual factor. Second, the pattern of findings is 
also notable: contrary to the expectation that the relationship would be strengthened, the results 
suggest that when interdisciplinarity of inter-team collaboration is high, the relationship gets 
weakened. This finding is in line with the notion from diversity literature that individuals do act 
more favorably to other individuals who possess surface-level similarities, and surface-level 
diversity has been suggested as having positive association with various types of conflict such as 
relationship conﬂict (Jehn, Northcraft, & Neale, 1999; Pelled, 1996; Thatcher, Jehn, & Chadwick, 
1998). Similarly, inter-team collaboration occurring under the context of high interdisciplinarity, 
in other words, when teams are collaborating with other teams that have very distinct functional 
background or discipline, which is surface level diversity, conflicts between teams is more likely 
to be increased, thus hinder the positive effect of inter-team collaboration on team outcome. This 
finding is also important because it portrays a more realistic view of inter-team collaboration. In 
many public and private research institutes, consisting teams are mostly closely related (e.g., one 
institute is consisted of mostly teams with engineering background while other institute is 
consisted of teams with biology and bioscience) and the collaboration among similar disciplined 
research teams are more likely to be encouraged and performed. Still I surmise that in other types 
of organizations there are circumstances where highly interdisciplined inter-team collaborations 
take place. From a practical standpoint, HR managers may implement HR practices that are tied 
to conflict resolution when their organizations adopt inter-team collaboration with higher 
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interdisciplinarity. I propose that future studies also examine the effect of inter-team 
collaboration in highly interdisciplined settings and also test potential contextual factors such as 
conflict resolution HR practices. 
 Even though the hypotheses are not supported, the current study is perhaps the first to 
explore the black box between inter-team collaboration and knowledge creation and turnover 
intention. Since establishing interdisciplined inter-team collaboration is suggested as labor-
intensive, more likely to increase inter-team or interpersonal conflicts, and requires additional 
procedures, practices, and resources (Stokols et al., 2008; Younglove–Webb, Thurow, Abdalla, 
& Gray, 1999). Thus, investigating the mechanism in which the inter-team collaboration is 
associated with either positive (i.e. knowledge creation) or negative (i.e., turnover intention) 
outcomes is critical. However, to date, there is no empirical study or clear theoretical framework 
that can guide researchers to explore the black box between inter-team collaboration and team 
outcomes. Specifically, I suggest innovation climate as one of the mechanisms through which 
inter-team collaboration can enhance knowledge creation. In practice, many current business 
organizations encourage collaboration among teams to improve the new product development 
process (Souder, 1977, 1981; Souder & Moenaert, 1992; St. John & Ruc, 1991). Will the support 
and encouragement for inter-team collaboration result in team efficiency (or inefficiency)? If yes, 
are the positive or negative associations between inter-team collaboration and team outcome 
operating through other work related group characteristics? Can knowledge be created only when 
inter-team collaboration is associated with, for example, the innovation climate in teams? Thus, I 
call for future studies that can further unpack pathways through which inter-team collaboration 
can create knowledge or other group-level outcomes. 
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Limitations 
 The current study also has several limitations. First, although the sample covers a number 
of teams from two research institutes in a large public university in the Midwest, still it is 
restricted in terms of generalizability because it only includes ‘research’ teams. Research teams 
are distinct from teams in business organizations in various ways: their goals are different, while 
teams in business organizations are relatively more concerned with practical application and 
revenue generation, research teams in universities are not always necessarily concerned with 
practical application or generating profits. Also, the context under which two teams perform 
differs, while teams in business organizations are more likely facing a higher level of 
competition than research teams in universities. Moreover, members constituting the teams are 
different, while team members in business organizations are employees who are evaluated based 
on their performance and receive organizational rewards such as promotion and pay increase, 
team members composing research teams in universities are mostly students whose purpose for 
being a team member is getting education they desire and earning a degree for their future job. 
Thus, generalizing the findings of the current should be take place with caution. 
 Second, the current study is also limited in testing the influence of inter-team 
collaboration on only group level outcomes. Although I find that inter-team collaboration has a 
positive effect on group-level knowledge creation, inter-team collaboration can also play a role 
in individual-level knowledge generation, moreover, it may have a significant effect on other 
types of individual-level work related outcomes such as performance, job satisfaction, stress, 
commitment, conflict, and etc. For instance, due to increased level of social interaction with 
outside team members, individuals may feel more stress, more conflict, less satisfied with the 
team or the job. For the moderating role of interdisciplinarity as well, the interaction effect can 
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have a positive association with various individual-level outcomes. One avenue for future 
research may be to examine the effects of inter-team collaboration and interdisciplinarity on 
outcomes at the individual level. 
 Another important limitation of the current study is that given the information I had from 
team leaders, a number of variables of interest are either coded from or calculated using 
information from CV of team leaders. Even though all multicollinearity statistics reported with 
the results are below commonly given rule of thumb (i.e., VIF = 10; Myers, 1990), still the high 
intercorrelation between inter-team collaboration and interdisciplinarity (r = .70, p < .01) may 
yield biased estimates in testing regression models. I could not use multiple sources to measure 
those variables in the current study due to data limitation; however, for future research I suggest 
the use of more vigorous measures for inter-team collaboration or interdisciplinarity, rather than 
retrieving both of them from information provided by the team leader’s CV.  
 Lastly, I was only able to test the role of inter-team collaboration on two dependent 
variables. Since inter-team collaboration are more likely to encouraged for teams in knowledge 
driven industries and organizations, and therefore investigating knowledge creation as an 
outcome is critical; still, inter-team collaboration can affect various other types of group level 
outcomes, such as team performance, actual turnover rate, or team conflict. I was not able to 
account for these variables in the current study due to data limitations as well as theoretical 
parsimony. I call for future research extending the role of inter-team collaboration and 
investigating its effect on various group-level outcomes. Related to this point, I was also not able 
to suggest other potential contextual factors rather than interdisciplinarity due to data limitations. 
Number of group level characteristics can play a role as significant contingencies, for example, 
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team conflict may be another contextual factor that weakens the positive association between 
inter-team collaboration and knowledge creation.  
Conclusion 
 Despite the academic and practical importance of collaboration among teams, several 
gaps in research on management exist. For example, research on collaboration has been done 
either at the “macro” (i.e., inter-firm) or at the “micro” (i.e., intra-team) level. However, a gap 
exists at the “meso” level of inter-team collaborations. Moreover, no research has been done to 
investigate the dual effect of inter-team collaboration, rather, mostly focused on its positive role 
on team outcomes. To overcome these limitations, the current dissertation provided an overview 
of the role of inter-team collaboration on group level outcomes and also presents unique insight 
to the contextual effect of interdisciplinarity influencing the relationship between inter-team 
collaboration and knowledge creation and turnover intention. In a day where many of private and 
public organizations encourage and emphasize the importance of ‘collaboration’, identifying the 
role of collaboration, and determining the context where it achieves better outcome and the 
process through which it is related to desired outcome offers a compelling yet challenging 
agenda for management research. I call for further theoretical developments and more empirical 
testing in the domain of management. 
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INVITATION – April 24th, 2009 
 
Sender:  Aparna Joshi <labsucessstudy@illinois.edu> 
Subject: Success in Research Labs Study 
Dear [[convert_title_case(fname)]] [[convert_title_case(mname)]] [[convert_title_case(lname)]], 
This study aims at understanding your experiences in engineering labs and identifying factors 
that can predict success in a research environment. 
We examine antecedent conditions that predict knowledge creation, learning, and research 
productivity in laboratories. Our aim is to probe into a number of important social variables that 
can shape key success factors in laboratories. We expect that the findings will help laboratories 
develop strategies that enhance success and student learning. This study is being sponsored by 
the School of Labor and Employment Relations at the University of Illinois. 
Please take a moment to answer this survey to help us better understand your experiences 
in your lab. There are no right or wrong answers and your opinions are very valuable to us. 
This survey will take less than 30 minutes to complete. Your participation in this survey is 
voluntary and please be assured that all the information you provide will be kept strictly 
confidential and will never be used in any way to permit identification of you:  
To access the survey, please use the following URL: 
http://sri.cornell.edu/ResearchLab/?survid=[[survid]] 
(This is a unique URL only for you, please do not forward this link to anyone else.) 
If you have any questions about the survey, please do not hesitate to contact staff at the Survey 
Research Institute at 607-255-3786 or surveyresearch1@cornell.edu. 
Thank you very much. 
Aparna Joshi, Ph.D. 
School of Labor and Employment Relations 
Labsucessstudy@illinois.edu 
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REMINDER – April 29th, 2009 
 
Sender:  Aparna Joshi <labsucessstudy@illinois.edu> 
Subject: Success in Research Labs Study – Reminder 
Dear [[convert_title_case(fname)]] [[convert_title_case(lname)]], 
You recently received an email requesting your participation in the Success in Research Labs 
Survey. Our records show that you have not yet completed the survey and we want to give you 
another opportunity to participate. Please take a moment to answer this brief survey to help 
us better understand your experiences in engineering labs and identifying factors that can 
predict success in a research environment. Your participation is vital for the successful 
completion of this project. 
This survey is voluntary and is strictly confidential. Under no circumstances will your individual 
responses be made available to anyone. All the information you provide will be used in 
aggregate form only.  
To access the survey, use the following link: 
http://sri.cornell.edu/ResearchLab/?survid=[[survid]] 
(This is a unique URL only for you, please do not forward this link to anyone else.) 
Please make sure you press the "Submit Survey" button once you have completed the survey. 
If you have any questions about the survey, please do not hesitate to contact staff at the Survey 
Research Institute at 607-255-3786 or surveyresearch1@cornell.edu. 
Thank you very much. 
Aparna Joshi, Ph.D. 
School of Labor and Employment Relations 
Labsucessstudy@illinois.edu 
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INVITATION – July 6, 2009 
 
Sender:  Aparna Joshi <labsucessstudy@illinois.edu> 
Subject: Success in Research Labs Study 
Dear [[fname]] [[lname]], 
We would like to invite you to participate in the final phase of the Success in Research Labs 
Study. 
This study aims at understanding your experiences in engineering labs and identifying factors 
that can predict success in a research environment. Thank you for participating in the first round 
of this study.  
Please take a moment to answer this survey to help us better understand your experiences 
in your lab. There are no right or wrong answers and your opinions are very valuable to us. 
This survey will take less than 15 minutes to complete. Your participation in this survey is 
voluntary and please be assured that all the information you provide will be kept strictly 
confidential and will never be used in any way to permit identification of you:  
You will receive a $10 Amazon.com gift certificate within 24-48 hours of completing this 
survey as a token of our thanks. 
To access the survey, please use the following URL: 
http://sri.cornell.edu/ResearchLab2/?survid=[[survid]] 
(This is a unique URL only for you, please do not forward this link to anyone else.) 
If you have any questions about the survey, please do not hesitate to contact staff at the Survey 
Research Institute at 607-255-3786 or surveyresearch1@cornell.edu. 
Thank you very much. 
Aparna Joshi, Ph.D. 
School of Labor and Employment Relations 
Labsucessstudy@illinois.edu 
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REMINDER – July 9, 2009 
 
Sender:  Aparna Joshi <labsucessstudy@illinois.edu> 
Subject: Success in Research Labs Study – Reminder 
Dear [[fname]] [[lname]], 
You recently received an email requesting your participation in the final phase of the Success in 
Research Labs Survey. Our records show that you have not yet completed the survey and we 
want to give you another opportunity to participate. Please take a moment to answer this brief 
survey to help us better understand your experiences in engineering labs and identifying 
factors that can predict success in a research environment. Your participation is vital for the 
successful completion of this project. You will receive a $10 Amazon.com gift certificate 
within 24-48 hours of completing this survey as a token of our thanks. 
This survey is voluntary and is strictly confidential. Under no circumstances will your individual 
responses be made available to anyone. All the information you provide will be used in 
aggregate form only. 
To access the survey, please use the following link: 
http://sri.cornell.edu/ResearchLab2/?survid=[[survid]] 
(This is a unique URL only for you, please do not forward this link to anyone else.) 
Please make sure you press the "Submit Survey" button once you have completed the survey. 
If you have any questions about the survey, please do not hesitate to contact staff at the Survey 
Research Institute at 607-255-3786 or surveyresearch1@cornell.edu. 
Thank you very much. 
Aparna Joshi, Ph.D. 
School of Labor and Employment Relations 
Labsucessstudy@illinois.edu 
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